
 

50 

 
Suprihatin Ali, Dadang Karya Bakti, Dewi Brima Atika, and Abdul Rohim Juliyansyah 

Using the Health Belief Model (HBM) to Assess Young Aduly Behavior in Health Information 

Searching and Sharing 

2nd International Conference on Medical Science and Health (ICOMESH 2024), pages 1–5. 

Using the Health Belief Model (HBM) to Assess Young Aduly 

Behavior in Health Information Searching and Sharing 
Suprihatin Ali1, Dadang Karya Bakti1, Dewi Brima Atika2, Abdul Rohim Juliyansyah1 

1Department of Business Administration, University 

of Lampung, Bandar Lampung, Indonesia 
2Department of Public Administration, University of 

Lampung, Bandar Lampung, Indonesia 

suprihatin.ali@fisip.unila.ac.id 

 

Keywords:        Health Belief Model, consumer sharing, Seeking Behavior, health information. 

Abstract:           In an era of plentiful digital health information, public health communication strategies must understand how 

young consumers find and share health content. The Health Belief Model (HBM) is used to examine health 

information behavior in 18-29-year-olds.  A quantitative technique was used to poll young individuals from varied 

demographics online. Survey tool used HBM structures. The HBM helps explain young consumers' health 

information practices. Findings imply that improving perceived advantages, eliminating barriers, and strengthening 

information appraisal self-efficacy may improve young adult health information engagement. These insights should 

help public health communicators customize initiatives to this demographic's beliefs and motives. Implications: 

This study adds to the literature on digital health communication and can help health educators, policymakers, and 

digital platform developers increase health literacy and information distribution among young consumers. 

 

 

1  INTRODUCTION  

The Health Belief Model (HBM) is important for 

studying young adults' behaviour in seeking and 

sharing health information. This cohort, known for 

their digital engagement, is a large part of the 

population that searches for online medical 

information  (Bratland et al, 2024; Lee et.al, 2024). 

Analysing their activities can reveal the elements that 

impact their health choices and the efficacy of health 

communication methodologies.  

Some research have shown that the perceived 

susceptibility and severity of medical information on 

social media platforms have a substantial effect on the 

intentions of young elder to seek and spread such 

information online (Feinberg et al. 2024; Malik et al. 

2023). Studies indicate that although young adults 

report overall satisfaction with the health information 

they obtain, a significant number of them do not 

undergo a favorable transformation in their health-

related beliefs. This underscores the existence of a 

deficiency in the realm of efficient health 

communication (Makesh and Rajasekhar, 2020). 

Cultural context significantly influences health 

information-seeking habits, with notable variations 

seen between people in the United States and China, 

affected by cultural values and social structures 

(Zhang and Jiang, 2021).  

The Health Belief Model (HBM) offers a 

conceptual structure for comprehending how attitudes 

towards health risks and advantages might lead young 

adults to actively participate in health-related 

information. It highlights the importance of providing 

customised health resources that align with their 

individual experiences (Zewdie et al.; 2022).  

Finally, examining the health information-

seeking behaviours of younger using the Health Belief 

Model (HBM) can offer useful insights for creating 

successful health communication strategies (Malik et 

al. 2023; Xu et al, 2021; Shang et al., 2021). This 

approach takes into account the cultural and contextual 

elements that may impact these behaviours, so 

assuring that health information is easily accessible 

.and pertinent to this specific group. 

2  CASE PRESENTATION  

Health information seeking behavior encompasses the 

actions individuals undertake to acquire knowledge 

about their health, such as retrieving, locating, and 

utilizing information pertaining to diseases, health 

risks, and health-related concerns (Orji et al., 2012). 

The aforementioned conduct was frequently 

motivated by a strong aspiration to enhance one's well-

being and can significantly influence the decision-

making process for health-related matters.  
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The determinants of health information seeking 

behavior are multifaceted, including the nature and 

scope of the information being sought, the reliability 

and precision of the sources, the lucidity and precision 

of the information, the individual attributes and 

qualities of the information seeker, and the qualities of 

the healthcare professionals and surroundings.  

A comprehensive grasp of these aspects is 

essential for formulating efficient tactics to encourage 

patients to make well-informed and accountable health 

choices. Online communities are about sharing and 

finding information. Information sharing means 

giving community people who need it information. 

The information includes thoughts, suggestions, and 

responses to inquiries. Not only one party shares 

information. This involves sharing information with 

different parties that may benefit everyone (Choi et al, 

2023). Conceptualised in 1950, the Health Belief 

Model (HBM) aims to forecast individual preventive 

health behaviours (Lalazaryan et al., 2014; Park et al, 

2014).  

The social cognitive model originally comprised 

five elements: perceived susceptibility is an 

individual's assessment of their risk of acquiring 

health information); perceived severity (an 

individual's appraisal of the seriousness and potential 

consequences of health information); perceived 

benefits (an individual's convictions regarding the 

efficacy of the recommended behavior in reducing 

risk); perceived barriers (an individual's assessment of 

the obstacles); and cues to action (the internal or 

external motivators that promote the desired 

behavior). 

Social media is a powerful tool for connecting 

with others, communicating, doing well in school, and 

maintaining your mental and social health. It not only 

lets people share different kinds of content, but it also 

gives them creative ways to find, organize, and handle 

that content. When it comes to health communication, 

social media is a way to get health information out 

there. The sharing of information and building 

relationships on social media both help each other 

(Tang et al., 2024). This relationship makes it easier 

for health information to get around quickly and 

effectively, which makes it easier to share health 

information and creates new ways for people to talk 

about health. Scholars agree that social media has a lot 

of promise to help people take care of themselves and 

make decisions about their health. However, the rise 

of new media in healthcare comes with some 

problems, such as the fact that a lot of health 

information on social media is unclear, false, and not 

reliable (Wang et al., 2020).   

The notion of health information seeking behavior 

(HISB) is intricate when considering health promotion 

and the psychological well-being of those who are 

managing or have received a medical diagnosis 

(Zimmerman et al., 2020). The act of seeking health 

information online is believed to have a beneficial 

impact on consumers of health information, as they are 

more inclined to comply with treatment decisions after 

acquiring sufficient knowledge about their health 

conditions (Jia et al, 2021). Many people get their 

health information from social media, but it has also 

propagated misinformation. The concern has 

numerous causes (Tang et al, 2024.; Tasnim et al, 

2020): First, social media lacks gatekeeping and fact-

checking, making it ideal for spreading false health 

information.   

The participatory aspect of social media makes it 

easy to spread fraudulent health claims, increasing 

their reach and impact. Third, excessive social media 

use can cause information fatigue, diminishing users' 

drive to verify information and increasing their chance 

of disseminating disinformation that supports their 

opinions. Fourth, social media's tailored information 

flows promote health misinformation by immersing 

users in ideologically similar environments where 

misinformation can reinforce biases. Social media 

continues to affect health information-seeking 

behaviors, therefore resolving these difficulties is 

essential to ensure the dependability and quality of 

health information on these platforms.   

Information sharing is a significant segment of 

information behavior study, encompassing voluntary 

actions that facilitate the availability of information to 

others. It posits that the advancement of information 

technology has led to information sharing becoming 

the primary means by which people acquire and utilize 

information. This article defines health information 

sharing behavior as the process of sending health 

information from one party to other parties through 

online communication and engagement (Tang et al., 

2024; Wang et al., 2020).   

Online health-information seeking behavior (HIS) 

research using the Health Belief Model (HBM) has 

grown, particularly in social media and digital health 

interventions, showing significant trends (Zhao et al., 
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2022). Scholarly attention on the HBM peaked during 

2022-2023, highlighting its usefulness in health 

behaviour studies. The HBM is being studied for its 

involvement in understanding health behaviours 

during the COVID-19 pandemic and digital health 

interventions (Tam et al, 2023; Yastica et al., 2020; 

Alagili et al., 2021). Race and confidence in 

information strongly affect self-treatment decisions 

based on social media health information, according to 

a pilot study (Silver et al., 2023).  

Online HIS assessment is now reliable thanks to 

the Online Self-care Scale (OSS). Younger, more 

educated people use social media for health 

information, often for advice and symptom inquiry, 

according to research. Social media facilitates HIS, but 

ignorance and anxiety about health information 

seeking persist (Zhao et al., 2022). The HBM provides 

a solid foundation for studying online HIS, however 

disinformation and the psychological impacts of 

digital health information seeking must be addressed 

(Nan et al., 2022).  We build hypotheses on theories 

from relevant studies. This study employs the health 

belief model (HBM) to represent young adult health 

information seeking and sharing (see Fig 1). The 

conceptual model was adapted from Malik et.al. 

(2023). 

The use of health behavior theories in treatments 

advocated to increase our understanding of the 

theoretical mechanisms that drive behavior change 

and to develop consensus about shared theoretical 

constructs and pathways. 

 
Fig. 1 Conceptual model 

Following are a number of research hypotheses 

that we have formulated in accordance with the results 

and analyses of our previous study, as well as 

adaptations from Malik et al. (2023). 

H1: Perceived severity has a positive effect on the 

intention to seek health information on social media. 

H2: Perceived severity has a positive effect on the 

intention to share health information on social media 

H3: Perceived susceptibility has a positive effect 

on the intention to seek health information on social 

media. 

H4: Perceived susceptibility has a positive effect 

on the intention to share health information on social 

media 

H5: Perceived benefits has a positive effect on the 

intention to seek health information on social media  

H6: Perceived benefits has a positive effect on the 

intention to share health information on social media 

H7: Perceived barriers has a negative effect on the 

intention to seek health information on social media. 

H8: Perceived barriers has a negative effect on the 

intention to share health information on social media 

H9: e-Health literacy has a positive effect on the 

intention to seek health information on social media. 

H10: e-Health literacy has a positive effect on the 

intention to share health information on social media. 

3  DISCUSSION  

The authors conducted a quantitative research study by 

using a survey methodology. Analysis of the data 

conducted to identify opinions, attitudes, and 

behaviours about the health belief model and health 

information seeking and sharing behaviour.  

3.1. Questionnaire 

The study utilized measurement scales from 

previous investigations because of their established 

validity and reliability. The participant responses were 

collected using a five-point Likert scale, with 1 

representing strong disagreement and 5 representing 

strong agreement. The assessment measure items 

evaluating the constructs of perceived vulnerability 

were sourced from Malik et.al (2023). The 

questionnaire can be found in appendice.  

This study examines the reliability ratings of 

different factors associated with online health 

information seeking and sharing habits. Perceived 

Susceptibility, e-Health Literacy, Health Information 

Seeking, Health Information Sharing, Perceived 

Barriers, Perceived Benefit, and Perceived Severity 

are among the constructs included in this study. The 

reliability ratings vary between 0.759 and 0.955, with 

the majority of values above 0.900, suggesting a good 

level of dependability and consistency in assessing the 

intended concepts. In general, the metrics employed in 
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the research are of reliable quality and can be trusted 

to yield accurate and consistent data.  

 

3.2. Data Collection 

The present study utilized a questionnaire-based 

survey methodology specifically designed for Google 

Forms to gather data from young adults residing in 

Indonesia. The survey hyperlink sent using 

WhatsApp, a widely used social media network in the 

area, throughout the period of June to July 2024. In 

order to maintain the integrity of the data, the study 

limited the number of responses generated by the same 

respondent.  

The questionnaire comprised three sections: an 

introductory section elucidating the objective of the 

study and guaranteeing respondents of anonymity and 

confidentiality, a segment collecting demographic 

data (such as gender, age, qualification, etc.), and a 

concluding section including questions pertaining to 

the empirical variables of the study. The collection 

yielded a total number of 209 replies. The data 

obtained in Excel format and then imported into SPSS 

(version 24) and SmartPLS (version 0.3) for additional 

analysis, following the experimental protocol 

described by Malik et al. (2023).  

 

Table 1. Characteristic of respondents 

   N % 

Gender     

 Male  66  

31,6 

Female 143  

68,4 

Age 

18-24 

  

176 

  

84,2 

 25-34  24 11,5 

 35-44  9 4,3 

Working status     

 Student 162 77,5 

 Employed 

 Others 

29 

18 

13,9 

8,9 

 Field study  background at 

College 

    

 Health department 22  10,5 

Not a health 

department 

187   

89,5 

 

Table 1 presents a demographic overview of the 

participants in a survey, including their gender, age, 

employment situation, and educational background. 

Primary results indicate that 68.4% of the participants 

were female, whilst 31.6% were male. The age group 

with the highest representation was 18-24 years old, 

accounting for 84.2% of the respondents. 

Smaller proportions distributed among the 25-34 

(11.5%) and 35-44 (4.3%) age groups. Regarding 

employment status, the bulk of participants were 

students (77.5%), with a lesser percentage being 

employed (13.9%), and the remaining 8.9% assigned 

to the "Others" group. Evidently, a significant 

proportion of participants (89.5%) had not received 

any formal education in a health department, although 

10.5% had prior experience in a health department. 

The demographic data suggests that the study 

mostly focused on young students, with a greater 

percentage of female participants. Additionally, the 

majority of respondents did not have any experience 

in the health department, which may be pertinent to the 

study's scope. 

Data on the respondents' social media engagement 

and health information seeking behaviours  presented 

in the table 2. Only 12.4% of respondents claimed that 

they did not usually seek for health information online, 

whereas a substantial majority of respondents (87.6%) 

acknowledged doing so. According to the survey, a 

significant majority (81.3%) of respondents indicated 

that they obtained health information from online 

sources, specifically by searching using internet-

connected devices.  

 

Table 2. Activity in Social Media and Health 

information 

   N  % 

Do you often 

search for 

information on 

Health topics? 

    

   Yes 183   

87,6 

   No  26  

12,4 

Where do you 

look for health 

information? 

    

 Consult with 

Health Workers 

(Doctors, 

Nurses, 

 21  10 
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Midwives, 

etc.)    online 

Consult with 

Health 

Workers 

(Doctors, 

Nurses, 

Midwives, 

etc.) face to 

face 

 18  

8,6 

Search using 

devices 

connected to 

the internet 

     

170 

 

81,3 

Through what 

means (devices) 

do you seek 

information 

about health? 

    

  laptop  3 1,4 

  Handphone 206  

98,6 

 

Approximately 10% of individuals sought online 

consultations with health professionals, while an even 

smaller percentage (8.6%) opted for in-person 

consultations. Regarding the equipment employed for 

getting health information, a vast majority (98.6%) 

favoured their mobile phones, whereas a minority 

(1.4%) used PCs. These results indicate that the 

participants are actively involved in seeking health 

information online and almost exclusively depend on 

their mobile devices to acquire this information.. 

4 CONCLUSIONS 

4.1. Measurement model assessment 

The present study aims to examine the reliability, 

convergent validity, and discriminant validity of 

measurement models for reflective constructs (Hair et 

al., 2010; Ahadzadeh, 2018). As shown in Table 3, the 

construct reliability of all reflective constructs ranges 

from 0.759 to 0.932, all of which exceed 0.7, 

suggesting a satisfactory level of reliability (Hair et al., 

2016; Nunnally and Bernstein, 1994). 

 Furthermore, the average variance extracted 

(AVE) from all Reflective Constructs exceeds 0.5 

(ranging from 0.525 to 0.842), and the dependability 

of each construct surpasses its corresponding AVE. 

Such evidence demonstrates that convergent validity 

has been confirmed, therefore satisfying the essential 

criteria for discriminant validity (Becker et al., 2012; 

Nunnally and Bernstein, 1994; Ahadzadeh, 2018). 

 

Table 3. Reflective constructs measurement 

  AVE Composite  

reliability 

I.1. Perceived Severity 0.525 0.765 

I.2. Perceived Susceptibility 0.576 0.915 

1.3. e-Health Literacy 0.774 0.932 

1.4. Perceived Benefit 0.696 0.902 

1.5. Perceived Barriers 0.557 0.759 

1.6. Health Information Seeking 

Intentions 

0.842 0.955 

1.7. Health Information Sharing 

Intentions 

0.622 0.832 

 

To assess the measuring model of formative 

constructs, this study examines the presence of 

collinearity across formative indicators, as well as 

their outer weights and outer loadings, as proposed by 

Falk and Miller (1992) and Fornell and Larcker 

(1981). Table 4 presents the findings of this formative 

construct evaluation. 

 

Table 4. The result of Fornell– Larcker criterion 

  I.2 I.3       I.6 I.7    I.5 I.4 I.1 

I.2 0.724            

I.3 0.487 0.759          

I.6 0.312 0.600 0.880         

I.7 0.524 0.717 0.608 0.834       

I.5 -0.061 -0.125 -0.139 -0.180 0.746     

I.4 0.491 0.677 0.507 0.732 -0.238 0.918   

I.1 0.570 0.394 0.329 0.436 -0.087 0.453 0.789 
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The Fornell-Larcker criterion, a statistical tool for 

measuring model convergent validity, shown in the 

table 4. The table 4 illustrates the correlation 

coefficients between model construct pairs. The 

diagonal members of the matrix represent each 

construct's correlation with itself, which should be 

close to 1.0. The off-diagonal elements show construct 

relationships. These correlations should be high if the 

model is convergent, indicating that the constructs 

measure related concepts. 

Table 4 also suggests that the model has 

reasonable convergent validity. Most off-diagonal 

correlations are positive and moderately high, 

showing construct relationship. There are also cases 

with weaker correlations, demonstrating that several 

constructions measure different parts of the same idea. 

The Fornell-Larcker criterion shows that the 

measurement model is relatively valid. 

4.2. Structural model assessment 

This work estimates the path coefficients of the 

research statistical structural model depicted in Figure 

2 using a PLS algorithm and assesses their statistical 

significance using bootstrapping with 300 replications 

to evaluate the research hypotheses. 

 

Figure2.  

 

Table 5 shows the findings that this study 

confirms that e-Health literacy is positively associated 

with online health information seeking and sharing 

behaviour in younger adults. 

 

Table 5.  Results of the main efect model 

Hypothesis Path 

coeffcient 

Standar

d error 

T 

statisti

c 

P 

valu

e 

H1:I.2→I.6 -0.056 0.075 0.753 0.45

2 

H2:1.2→I.7 0.127 0.059 2.177 0.03

0 

H3:I.3→I.6 0.477 0.097 4.920 0.00

0 

H4:I.3→I.7 0.369 0.067 5.499 0.00

0 

H5:I.5→I.6 -0.037 0.070 0.522 0.60

2 

H6:I.5→I.7 -0.028 0.068 0.415 0.67

8 

H7:I.4→I.6 0.158 0.089 1.787 0.07

5 

H8:I.4→I.7 0.397 0.073 5.449 0.00

0 

H9:I.2→I.6 0.098 0.080 1.222 0.22

2 

H10:I.2→I.7 0.036 0.054 0.668 0.50

4 

 

The structural equation modeling analysis 

revealed that only e-Health Literacy (β = 0.477, p = 

<0.001) were significantly linked to Health 

Information Seeking Intentions positively. This 

indicated that young adults were more likely to engage 

in Health Information Seeking Intentions. However, 

none of them (Perceived Severity, e-Health Literacy, 

Perceived Benefit, Perceived Barriers) were 

statistically significant. Moreover, Perceived 

Susceptibility, e-Health Literacy, and Perceived 

Benefit were linked positively to Health Information 

Sharing Intentions (β = 0.127, p = <0.001; β = 0.369, 

p = <0.001; β = 0.397, p = <0.001 respectively). 

5 CONCLUSION  

This study illuminates the intricate interaction of 

factors influencing health information practices in 

young adults through the Health Belief Model. We 

found a complex relationship between HBM 

characteristics and e-Health literacy on health 

information seeking and sharing intentions. The 
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structural equation modeling analysis produced 

several notable outcomes. Specifically, e-Health 

literacy significantly predicts health information 

seeking intentions, highlighting the importance of 

digital health abilities in encouraging young adults to 

actively seek health-related information. This supports 

prior study on the importance of e-Health literacy in a 

digital healthcare setting. We found no significant 

associations between health information seeking 

intentions and other HBM categories including 

perceived severity, benefit, or barriers. This surprising 

finding implies that young individuals' health 

information seeking decisions may be more impacted 

by their perceived ability to navigate digital health 

resources than by health threats or possible benefits. 

Our study of health information sharing intentions 

found more complex variables. The intention to share 

health information was positively correlated with 

perceived vulnerability, e-Health literacy, and felt 

benefit. These findings imply that young individuals 

are more likely to share health information when they 

feel susceptible to health dangers, secure in their 

capacity to interpret and assess health information, and 

recognize the potential advantages. 

The differences in seeking and sharing motives 

show the complexity of health information activities. 

E-Health literacy drives both activities, but other 

HBM dimensions have differing effects, suggesting 

that different psychological mechanisms may underlie 

these two elements of health information engagement. 

This has major implications for public health 

communication and interventions for young adults. 

This demographic should be encouraged to seek and 

share health information by improving e-Health 

literacy. Interventions that increase health information 

sharing should include emphasize personal health risk 

and information dissemination benefits. Future 

research should investigate why some HBM 

constructs do not affect health information seeking 

intentions. Longitudinal studies may reveal how these 

associations change over time or across health 

environments. Investigating moderating factors like 

health status or previous health experiences may help 

explain young individuals' complex health 

information practices. This study illuminates health 

information behaviors through the Health Belief 

Model, emphasizing the importance of e-Health 

literacy and showing diverse patterns of influence for 

seeking and sharing intentions. These findings can 

improve health communication methods and 

interventions for digital-age young adults, improving 

health outcomes.. 
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